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Abstract

We use high-frequency retail microdata to measure the short-run impact of the 2025
U.S. tariffs on consumer prices. By combining daily prices from major U.S. retailers
with AI-based trade classification and country-of-origin identification, we construct price
indices that isolate the direct effects of tariff changes across goods and trading partners.
Prices began rising immediately after the broader tariff measures were announced in early
March and continued to increase gradually over subsequent months, with imported goods
rising roughly twice as much as domestic ones. Retail tariff pass-through reached 24
percent, contributing about 0.76 percentage points to the all-items Consumer Price Index
by October 2025. Tariff costs were gradually but steadily transmitted to U.S. consumers,
with additional spillovers to domestic goods.

Keywords: Tariffs, Prices
JEL Classification: F13, F14, E31.

∗The first draft of this paper was released on April 20, 2025, and has since been updated with new data
and methodological improvements. While we no longer update the data within the paper, ongoing updates
are published at www.pricinglab.org/tariff-tracker. We thank Cristina Arellano, Mary Amiti, Omar Barbiero,
Mario Crucini, Charles Engel, Aaron Flaaen, Jason Furman, Gita Gopinath, Marc Melitz, Emi Nakamura,
Fabrizio Perri, Albert Queralto, Andreas Schaab, Raphael Schoenle, Mariano Somale, Jon Steinsson, Jenny
Tang, David Weinstein, Mike Waugh, and seminar participants at Harvard, Berkeley, Di Tella, UdeSA, UNLP,
Purdue, CEBRA, the Minneapolis Fed, the Federal Reserve Board, the Boston Fed, the Bank of Italy, and
the IMF for helpful comments and suggestions. We are also grateful to Caroline Coughlin (PriceStats) and
to Matthew Nemesure and George Price (Harvard D3 Institute) for assistance with the data and AI methods.
Alberto Cavallo is a co-founder of PriceStats LLC, which provided proprietary price data at no cost and with
no right to review the findings. Artificial intelligence tools were used to assist with text editing and code
development during manuscript preparation; all analysis, interpretation, and conclusions are the authors’ own.

1

https://www.pricinglab.org/tariff-tracker/
https://www.pricinglab.org/tariff-tracker


1 Introduction

In early 2025, the United States introduced broad new import tariffs, marking one of the largest

shifts in U.S. trade policy in recent decades. These measures represent a rare opportunity to

study how tariffs transmit to consumer prices and, ultimately, shape inflation dynamics. Quan-

tifying these effects, however, is difficult because official consumer price indices are released at

coarse levels of aggregation and frequency, obscuring short-run price movements and differences

across products and trading partners. The lack of clear and timely evidence has led to conflict-

ing interpretations among policymakers, leaving a central question unresolved: do tariffs raise

retail prices in the short run?

We answer this question by constructing a high-frequency database that isolates the short-

run impact of tariff shocks across goods and source countries. Our analysis combines micro-

level retail price data covering over 80 percent of commodities in the CPI basket, with detailed

information on product origin and tariff classifications. We link daily prices from five major

U.S. retailers with country-of-origin data, obtained by searching UPC codes online or by using

generative AI models to identify each product’s origin. We then use AI to classify these products

with 10-digit Harmonized System trade codes and retrieve their corresponding tariff rates from

publicly available data provided by the U.S. International Trade Commission (USITC) and the

U.S. Census Bureau. The resulting data cover the period from October 1, 2024, to October 1,

2025, roughly seven months after the first major tariffs were imposed. This combined dataset

enables us to trace how retail prices for affected and unaffected goods evolve across product

categories and trading partners, capturing the timing and magnitude of tariff pass-through with

a level of precision not achievable in official price statistics.

We find that retail prices reacted quickly and adjusted gradually to the 2025 tariffs. Prices

began rising within days of the first announcements in March and continued to increase in the

following months. Imported goods rose roughly twice as much as domestic products, indicating

both direct and indirect exposures to tariff shocks. Between March and October, prices of im-

ported goods increased by about 6.2 percent relative to the levels predicted by pre-tariff trends,

and domestic goods rose by 3.6 percent. These increases, while small relative to some announced

statutory tariff rates, are sizable relative to the applied tariff rates—net of exemptions—of 23.8

percent in our sample.

Price responses varied significantly across trading partners and sectors. Goods imported

from China—subject to higher or more persistent tariffs—experienced larger and more sustained

price increases than those from Canada and Mexico, where exemptions under the USMCA

reduced the applied tariffs. Across product categories, the greatest effects were concentrated

in household furnishings and miscellaneous goods, both highly dependent on Chinese imports.

Food, which is mostly domestic, and electronics, which were largely exempted, showed smaller

or insignificant deviations from pre-tariff trends. Within categories, cheaper varieties exhibited
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faster price increases than higher-priced ones, suggesting that firms with thinner markups passed

through a larger share of tariff costs. The heterogeneous responses highlight the importance of

product characteristics, markups, and sourcing structure in shaping short-run price dynamics.

They also point to important distributional implications, as low-income households, which

disproportionately consume lower-priced goods, likely faced more tariff-induced inflation in the

short run.

Seven months after their introduction, we estimate retail pass-through reaching up to 24

percent for applied tariffs. These rates are higher and materialized faster than those observed

during the 2018–2019 U.S.–China trade war, but remain incomplete, reflecting gradual trans-

mission and continuing uncertainty about policy persistence. Assuming full pass-through at

the border and a 50 percent import cost share at the retail level, our results suggest that U.S.

consumers paid up to 43 percent of the tariff burden, with the rest absorbed by U.S. firms.

Despite the gradual pass-through, the estimated impact on inflation is significant. Aggre-

gating deviations from pre-tariff trends on both imported and domestic goods with official

CPI expenditure weights, we estimate that the tariffs added roughly 0.76 percentage points to

the all-items CPI. This implies that the annual inflation rate in the non-seasonally adjusted

CPI—which stood at 3 percent in September 2025—would have been close to 2.24 percent

without the tariffs, a level broadly consistent with the Federal Reserve’s target.

Our paper contributes to a growing literature on tariff pass-through. Recent work at the

border finds that tariffs are fully passed through to duty-inclusive import prices and lead to

large declines in trade volumes (Amiti et al., 2019b; Fajgelbaum et al., 2020; Cavallo et al.,

2021; Gopinath and Neiman, 2026). However, evidence on how tariff increases transmit to retail

prices remains limited due to data constraints. One exception is Cavallo et al. (2021), who use

a similar approach combining micro-level retail price data with tariff classifications to study

the 2018–2019 trade war.1 Like them, we find that tariff pass-through to consumer prices is

incomplete in percentage terms, reflecting frictions in the transmission from border costs to

retail prices. However, our estimated pass-through rates are significantly higher than those

observed during the earlier episode, when comparable estimates remained below 5 percent after

one year. This difference is consistent with the larger and broader tariff increases implemented

in 2025, which likely generated stronger and more pervasive cost pressures across supply chains.

More broadly, our results are consistent with papers that emphasize the role of domestic

costs and margins in dampening retail price responses to cost shocks at the border, including

Burstein et al. (2003), Nakamura and Zerom (2010), Sangani (2025) and Flaaen et al. (2025).

For domestic goods, our findings support the competitive pricing mechanisms highlighted by

Amiti et al. (2019a) and Flaaen et al. (2020). At the aggregate level, our estimated impact on

the CPI is in line with recent model-based predictions by researchers at the Federal Reserve,

1See also Flaaen et al. (2020).
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including Barbiero and Stein (2025), Minton and Somale (2025), and Dvorkin et al. (2025).

2 Data and Methodologies

2.1 Retail Prices

We use daily product-level prices collected by PriceStats from the online stores of five large

U.S. multichannel retailers over the period October 1, 2024 to October 1, 2025. The data

cover a broad range of consumer goods and represent over 80 percent of the commodities

component of the CPI (28.5 percent of the all-items basket), including furnishings, household

goods, electronics, and food. Each product is tracked using a stable identifier, with detailed

descriptions and assignment to COICOP consumption categories. Although prices are collected

online, prior work shows that online and offline prices closely co-move within large retail chains,

reflecting uniform pricing policies (Cavallo, 2017; DellaVigna and Gentzkow, 2019).

The sample covers roughly seven months following the first major tariff announcements,

listed in Appendix A.

2.2 Country-of-Origin

To measure tariff exposure at the product level, we augment retail prices with information on

countries of origin (COO), which is rarely disclosed by U.S. retailers. We recover the COO using

two complementary approaches. First, we use Universal Product Codes (UPCs) to find goods

in an online-only retailer that discloses origin information, yielding coverage for approximately

308,000 products.

Second, when UPC matches are unavailable, we use generative AI models to retrieve country

of origin through automated searches of retailer pages and other online sources based on product

descriptions. Validation against a sample of UPC-matched products shows that the AI-based

approach correctly distinguishes domestic from imported goods in 88 percent of cases and

identifies the exact country in 85 percent of cases (see Appendix B.1.2 for details). This

combined approach substantially expands coverage in categories such as food and provides a

scalable framework for recovering country-of-origin information in retail price data.

2.3 Tariff Data

AI-based HS-10 Classifications One contribution of the paper is a new method to classify

individual retail products directly into the Harmonized System (HS) at the 10-digit level. Re-

tail price data are typically organized using consumption-based taxonomies such as COICOP,

which do not map cleanly into the trade classifications used to define tariff exposure. Existing

concordances are therefore too coarse to identify product-level tariffs in retail data.
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To address this limitation, we develop an AI-based hierarchical classification procedure that

assigns each product an HS-10 code based on its description. The method mirrors expert

classification: products are first assigned to broad HS sections and then iteratively refined

through narrower categories until reaching a unique HS-10 code. This coarse-to-fine approach

leverages the semantic reasoning capabilities of large language models, requires no labeled

training data, and is fully scalable.

Statutory and Applied Rates Next, we link each product’s HS-10 classification to tariff

rates using data from the Harmonized Tariff Schedule and Federal Register notices, including

temporary measures enacted through Chapter 99. These sources define the statutory tariff rates

associated with each country–HS-10 combination.

Because statutory rates often differ from the duties firms actually pay, we also construct

applied tariff rates using U.S. Census Bureau import data. Applied rates are measured as

duties paid divided by the customs value of imports for each country–HS-10 pair and capture

exemptions, delayed implementation, and other features affecting effective tariff exposure, as

noted by Azzimonti (2025) and Gopinath and Neiman (2026). In our sample, applied rates rise

gradually during 2025 and remained substantially below statutory rates in April and May. By

the end of the period, the average applied tariff rate reaches 23.8 percent, compared with a

statutory average of 27.7 percent (Appendix B.2).2

We use applied tariff rates in our baseline pass-through analysis, as they provide a more

accurate measure of the cost changes faced by firms at the border.

2.4 Combined Dataset

The final dataset includes 359,104 products with identified country of origin and daily price

observations. Products are concentrated among a small number of source countries, with the

United States and China accounting for the majority of items, and a long tail of smaller trading

partners comprising the remainder. Coverage is skewed toward furnishings, household goods,

and recreation, reflecting the product mix of large U.S. general-merchandise retailers. Detailed

distributions by country and consumption category are reported in Appendix B.3.

2.5 Price Index Methodology

We construct daily price indices using the chained matched-model approach described in Cavallo

(2013). For each product, we compute daily price relatives and aggregate them using unweighted

geometric means within groups defined by country of origin, tariff exposure, and consumption

2The resulting differences and patterns between statutory and applied rates are consistent with estimates for
all U.S. imports reported by Yale Budget Lab (2025), Waugh (2025), and Gopinath and Neiman (2026).
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category. These daily changes are chained over time to produce price indices normalized to one

at the start of the sample.

Prices are cleaned following CPI guidelines, with short gaps filled using the most recent

observation and extreme price changes excluded. We do not adjust for quality changes or

seasonality in order to maintain consistency across products and focus on short-run price dy-

namics. When estimating aggregate CPI effects, we weight category-level indices using official

CPI expenditure shares.

3 Price Impact

This section documents how retail prices responded to the 2025 tariffs, focusing on movements

around the time of major announcements. We examine price dynamics across several dimen-

sions—domestic versus imported goods, country of origin, product category, and price tiers—to

identify systematic patterns in the adjustment process. The analysis highlights the degree to

which domestic goods were indirectly affected and the heterogeneity of price responses across

trading partners and sectors.

3.1 Domestic vs Imported Goods

Figure 1a compares retail price indices for domestic and imported goods between October 1,

2024, and October 1, 2025, along with pre-tariff trends estimated up to March 4, 2025.

Prior to the tariffs, two patterns are evident in these indices. First, prices for imported

goods fell temporarily from late November to early January, reflecting holiday discounts in

categories such as electronics and household items. Second, both domestic and imported goods

exhibited a mild deflationary trend during the initial months. This reflects the matched-model

index structure and product composition: many goods, particularly electronics and furniture,

are introduced at high prices and discounted gradually over time. Because the index does

not attempt to link new and old models of similar goods, or apply quality adjustments, these

markdowns appear as steady price declines. The pre-tariff trend therefore provides a natural

benchmark for evaluating subsequent price movements.3

After the tariffs were implemented, four salient patterns emerge.

First, retail prices respond quickly to major tariff announcements. Within days of the March

4, 2025 announcement, prices of imported goods rise by about 2 percent, while domestic prices

increase by roughly half as much. Prices continue to rise after the April 2 “Liberation Day”

announcement, which introduced a 10 percent baseline tariff on nearly all imports. Subsequent

policy developments are also reflected in prices: the May 12 pause on Chinese tariffs coincides

with a temporary decline, while the July escalation is followed by renewed upward pressure.

3Our results are robust if we extend these trends back to January 1, 2024, as shown in Figure A5.
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(a) Domestic vs Imported Goods (b) Affected vs Unaffected

(c) By Country of Origin (d) By Price-Level Quartile

Figure 1: Retail price responses to the 2025 tariffs.
Notes: Each panel reports retail price indices constructed from daily prices of five large U.S. retailers
and normalized to 1 on October 1, 2024. Vertical lines indicate major tariff announcements. Panel (a)
compares domestic and imported goods; (b) distinguishes affected and unaffected categories; (c) shows
indices by country of origin; (d) shows imported goods by pre-tariff price-level quartile.

Because most retailers sell from existing inventories that entered the country before the new

tariffs took effect, it is unlikely that the goods sold within days of the announcements had

yet incurred any additional duties. Therefore, these rapid reactions suggest that retailers are

forward-looking, adjusting prices in anticipation of higher import costs.

Second, most of the pass-through is gradual rather than discrete. After the initial response,

prices follow a smooth and persistent upward trajectory, marking a clear break from pre-tariff

trends. This pattern is consistent with heightened uncertainty regarding the level and duration

of the tariffs, which leads firms to adjust prices incrementally as new information becomes

available rather than implementing large, one-time increases. As a result, tariff shocks generate

sustained inflationary pressure rather than a single shift in the price level.

Third, domestic goods are also affected. Domestic prices rise steadily after March, high-

lighting that tariff effects extend beyond directly targeted imports. This pattern may reflect

strategic complementarities in pricing, with reduced competition from foreign goods in cate-

gories where domestic and imported products are close substitutes (Amiti et al., 2019a), higher
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costs of imported inputs used in domestic production (Amiti et al., 2019b), or broader pricing

adjustments in response to higher expected inflation. We examine these spillovers more closely

in the next subsection.

Finally, although the observed price increases seem modest relative to headline tariff rates,

they are economically meaningful. Between March and October 2025, prices of imported goods

rise by about 6.2 percent relative to pre-tariff trends, while domestic prices increase by 3.6

percent. These adjustments occur within only seven months and are sizable relative to the

average applied tariff rate of 23.8 percent, implying that roughly one quarter of the tariff

increases were passed through to consumer prices in the short run. We formalize this estimate

in Section 4.

3.2 Spillovers into Domestic Prices

The price increases documented in Section 3.1 extend beyond imported goods. An important

question is whether higher prices for domestic products reflect competitive spillovers induced

by tariffs on foreign goods or higher imported input costs. We shed light on these mechanisms

by exploiting variation in domestic goods’ exposure to tariffed imports and the timing of price

adjustments.

We classify imported goods as tariff-affected if their HS10–country combination faced any

additional tariff during the sample period. Under this definition, nearly all imported goods in

our data are affected, with only a small set of exemptions (1,019 products), primarily phar-

maceuticals, selected auto parts, and minerals that were excluded even from the April baseline

tariffs.

For domestic goods, we define exposure based on competition with affected imports. A

domestic product is classified as affected if it belongs to a three-digit COICOP category in which

more than half of the products are imported and tariff-affected. This definition is designed to

isolate strategic complementarity spillovers of the type emphasized by Amiti et al. (2019a),

whereby domestic firms adjust prices in response to competitors’ prices rather than to changes

in their own costs. It is intentionally narrow and focuses on competitive responses that can

materialize more quickly. Domestic prices may also be influenced by higher input costs from

imported components, but such channels are likely to operate more gradually and cannot be

directly identified in our data. As a result, they should not generate systematic differences

across our group definitions.

Figure 1b shows a clear separation between affected and unaffected goods. Imported goods

exempt from tariffs exhibit almost no response to the policy announcements, while domestic

unaffected goods display only a mild upward deviation after March, consistent with indirect

channels such as gradually higher input costs or broader inflationary pressures.

In contrast, domestic affected goods exhibit price dynamics that closely mirror those of
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imported affected goods. In particular, prices for domestic affected products that compete di-

rectly with tariffed imports rose sharply following the March announcements, and then followed

a similar trend thereafter. The close similarity in the timing, magnitude and dynamics of these

increases suggests that spillovers to domestic prices operated primarily through strategic pricing

complementarities in the short run.

3.3 Heterogeneity across Countries, Categories, and Price Tiers

Price responses to the 2025 tariffs display substantial heterogeneity across countries of origin,

product categories, and price tiers, reflecting differences in tariff exposure, import intensity,

and market structure. We summarize the main patterns here and report detailed results in

Appendix C.

Across countries, retail price increases vary widely and are only weakly aligned with applied

tariff rates. Among major U.S. trading partners, goods imported from China experienced the

largest and most persistent price increases, consistent with their higher and more sustained

tariff exposure (Figure 1c). In contrast, prices of goods from Mexico rose much less, reflecting

extensive exemptions under the USMCA. Canadian prices rose in April and May, during a

period of retaliation, suggesting that retailers may have reacted to expectations of further

escalation.

Table 1 further reports cumulative price changes by country and shows that cross-country

variation is only weakly correlated with applied tariff rates.4 This suggests an important role

for other factors, including product composition, differentiation, and opportunities for trade

diversion. For example, the sharp price increase for Turkey is largely driven by “Carpets and

Other Floor Coverings,” which account for 87 percent of Turkish goods in our sample—highly

differentiated products with limited substitution possibilities.

4Scatter plots shown in Appendix C.1.
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Table 1: U.S. Retail Price Level Changes by Country of Origin

Country Price Change
Deviation from
Pre-Tariff Trend

Applied
Tariffs

Statutory
Tariffs

Turkey 31.20 38.65 14.4 15.0

Poland 12.93 14.23 9.6 15.6

India 10.01 15.62 29.9 49.0

United Kingdom 7.59 17.69 10.4 15.4

Thailand 5.97 8.20 14.0 20.9

Japan 5.96 8.51 13.7 19.3

Switzerland 4.54 5.83 19.0 35.4

Italy 4.40 5.91 8.6 17.4

France 4.27 5.22 9.6 15.1

Vietnam 3.93 6.64 16.6 21.4

China 3.68 4.83 28.3 30.5

Germany 3.24 4.52 9.7 19.2

Malaysia 3.23 11.45 13.6 19.3

US 2.48 3.64 — —

Canada 2.32 4.13 0.6 35.2

Pakistan 1.77 3.44 14.2 19.1

Taiwan 1.36 1.33 14.0 21.8

Korea 0.74 1.97 14.1 24.5

Mexico -0.27 0.70 1.4 25.0

All Countries 3.53 5.10 23.8 27.7

Notes: Price changes reflect cumulative increases since the March 4, 2025 tariff announcements.

Pre-tariff trends are estimated from country-specific regressions over the period October 1, 2024 to

March 4, 2025. The values reported under “All Countries” represent averages at the country–HS-10

level, weighted by product counts.

Across consumption categories, the largest price increases are concentrated in import-

intensive sectors, particularly furnishings, household equipment, and miscellaneous goods,

where a large share of products originates from China. Food categories, which are predom-

inantly domestic, exhibit smaller deviations from pre-tariff trends (except for coffee, where

prices rose more than 10 percent following a 50 percent tariff on Brazilian imports). Electron-

ics also show muted responses due to widespread tariff exemptions (Tables A5–A6). These

patterns are consistent with variation in exposure to tariff-induced cost shocks across sectors.

To study heterogeneity across price tiers, we compare price responses within narrow product

categories. Specifically, we rank imported goods within each three-digit COICOP category by
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their average pre-tariff price and group them into quartiles. This within-category comparison

ensures that differences in price responses are not driven by variation in product type or sector,

but by relative price position. We then construct separate price indices for each quartile using

the same methodology as in the baseline analysis.

Lower-priced varieties exhibit faster and larger price increases than higher-priced ones (Fig-

ure 1d). Between October 2024 and September 2025, prices in the lowest quartile rise by

roughly 1.5 percentage points more than those in the highest quartile. This pattern is consis-

tent with markup-based mechanisms emphasized in the literature (Mongey and Waugh, 2025),

where cheaper goods tend to be sold with thinner margins and could therefore pass through

a larger share of cost increases. This can have important distributional effects because low-

income consumers tend to purchase lower-price varieties (Bils and Klenow, 2001; Handbury,

2021; Jaimovich et al., 2020). Similar within-category inflation differences have been docu-

mented in recent work on cheapflation during the post-pandemic inflation surge (Cavallo and

Kryvtsov, 2024; Chen et al., 2024) and in studies of tariff and exchange-rate pass-through

affecting lower-income consumers disproportionately (Cravino and Levchenko, 2017; Li, 2019).

Taken together, these heterogeneity patterns reinforce the interpretation of our main results.

Tariff pass-through at the retail level depends not only on applied tariff rates, but also on market

structure, import intensity, and other product characteristics. While the remainder of the paper

focuses on average effects, the heterogeneity documented here highlights the channels through

which trade policy generates uneven price adjustments across products and consumers.

4 Tariff Pass-through and Incidence

In this section, we estimate the speed and magnitude of retail tariff pass-through, measured

as the percentage of the change in import tariffs that are reflected in final consumer prices. A

key advantage of our data is the frequency and granularity, which allows us to measure tariff

exposure precisely and control for confounding factors that may also affect prices over time.

4.1 Quick Reaction and Gradual Adjustment

To visualize how quickly and gradually prices respond to tariffs, we implement a high-frequency

event study exploiting the sharp timing of the March 4, 2025 tariff announcement. The analysis

compares daily price dynamics of affected and unaffected goods within COICOP Level-1 cate-

gories, allowing us to isolate tariff-driven movements from broader trends such as seasonality,

category-specific shocks, or concurrent policies. The short event window minimizes contamina-

tion from slower-moving mechanisms, providing a focused view of the immediate pass-through

of tariffs to retail prices. To improve identification and achieve a cleaner contrast between ex-

posed and unexposed products, we pool all imported and domestic affected goods into a single
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treated group and use domestic unaffected items as the control.5

We construct daily price indices for each COICOP Level-1 × origin group using chained

geometric means of price relatives. To isolate changes in regular prices from temporary pro-

motions, we use a filtered price series that replaces short-lived V-shaped price drops with the

prevailing regular price. This filtering ensures that the high-frequency event study captures

tariff-driven price adjustments rather than promotional volatility.

Formally, we estimate:

ygt = αg + γm(t) +
90∑

k=−30

βk · 1{τgt = k}+ εgt, (1)

where ygt is the price index, g indexes groups defined by COICOP Level-1 category × origin

(with origin ∈ {Imported, Domestic–Affected, Domestic–Unaffected}), t denotes the calendar

date, and m(t) denotes the year-month of date t. The event time τgt = t − t0,g measures

days relative to the treatment date, where t0,g = March 4, 2025 for the pooled treated groups

(Imported and Domestic–Affected), and t0,g is undefined for Domestic–Unaffected groups, which

serve as the control. The coefficients βk trace the dynamic response of prices to the tariff

announcement in event time. Group fixed effects αg absorb time-invariant heterogeneity across

COICOP Level-1 × origin groups, while year-month fixed effects γm(t) capture common shocks

and seasonal trends. Standard errors are clustered at the group level.6

Figure 2 reports the event-study estimates. The pre-treatment coefficients are flat and

statistically insignificant, consistent with parallel trends. Prices begin to rise shortly after

the tariff announcement and become statistically significant within a week. The effects then

accumulate smoothly over time, reaching approximately 1.0 percent by day 10, 1.5 percent by

day 25, and about 2.0 percent by days 60 to 90.

5This is motivated by similar behavior of affected imported and domestic goods (Section 3.1). We also
include domestic goods in HS categories directly targeted by the March 4 tariffs (e.g., steel and aluminum).
Results treating all domestic goods as unaffected are shown in Appendix D.1

6We exclude communications (COICOP 8) and clothing and footwear (COICOP 3) because these categories
contain no domestic goods, preventing the construction of a Domestic–Unaffected control series.
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Figure 2: Event-Study Estimates: Daily Price Response to Tariff Announcement

Notes: Figure plots estimated coefficients βk from Equation (1), showing daily price index

responses relative to the March 4, 2025 tariff announcement. The sample includes imported

and domestic-affected goods (treated) and domestic-unaffected goods (control) within COICOP

Level-1 categories. Price indices are constructed using chained geometric means of price rel-

atives based on filtered regular prices (excluding temporary sales). Vertical bars denote 95%

confidence intervals with standard errors clustered at the COICOP × Origin level.

These estimates indicate a rapid but gradual pass-through of tariffs to retail prices. Prices

respond quickly following the March 4, 2025 announcement, yet continue to adjust steadily

over subsequent weeks. This implies persistent tariff effects, with cumulative price increases of

roughly 2.0 percent within ninety days.

While this event study isolates the short-term tariff-driven movements from broader price

trends and seasonal patterns, it also has important limitations. First, additional trade-policy

measures were introduced over time, so estimates beyond the first few weeks may reflect sub-

sequent policy changes. Second, greater precision on the magnitude of pass-through can be

achieved using product-level regressions that incorporate the exact tariff rate faced by each

item. The next section provides standard pass-through regressions to address these issues.

4.2 Pass-through Regressions

To account for changes in tariff rates that occur with different magnitudes and timing, we

now estimate a product-level pass-through regression using a distributed–lag specification with

monthly observations, including periods where there is no price change. This approach is

consistent with standard practices in the literature, enabling direct comparison with estimates

from prior tariff episodes.
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More formally, we estimate:

∆ ln pit =
7∑

ℓ=0

γℓ ∆τi,t−ℓ + αk + εit. (2)

where pit is the retail price for item i in month t, and the term ∆τi,t−ℓ equals the log gross

additional tariff rate that is applied to product i at month t − ℓ. The fixed effects αk are

COICOP 1-digit sector fixed effects that absorb time-invariant differences in average monthly

price changes across sectors. The lag structure allows monthly price changes to differentially

reflect changes that went into effect at different points in time. We show the cumulative pass-

through after 7 months by reporting the point estimate and standard error of
∑7

ℓ=0 γℓ.

The first column of Table 2 reports results using statutory tariff rates. The estimated

coefficient implies a seven-month pass-through of 5.5 percent. This number is low, but we

know from Figure A2 that the applied rates diverged sharply from statutory rates in mid 2025.

When calculating pass-through, it is better to use applied tariff rates to account for exemptions

and delayed implementations. Using the change in applied tariff rates as the independent

variable raises the estimated pass-through to 19.8 percent, as shown in Column (2).

Table 2: Pass-through Regression of Statutory and Applied Tariffs with Monthly Data

(1) (2) (3) (4)
Variable Statutory Applied Applied Detrended

Tariffs 7 mo.
(∑7

ℓ=0 γℓ

)
0.055 0.198 0.240

(0.016) (0.052) (0.060)

Over 15%
(∑7

ℓ=0 γ
O
ℓ

)
0.241

(0.060)

Under 15%
(∑7

ℓ=0 γ
U
ℓ

)
0.152

(0.071)

Adjusted R2 0.001 0.001 0.001 0.001
Observations 517,574 309,958 309,958 309,958
Products 129,635 100,122 100,122 100,122
Sector Fixed effects Yes Yes Yes Yes

Notes: Table reports estimated coefficients from distributed-lag regressions of
monthly log price changes on changes in statutory or applied tariff rates, as de-
scribed in Section 4.2. Pass-through is measured as the cumulative response over
seven months. Standard errors are clustered by 1-digit COICOP sector.

The pass-through rises to 24 percent if we change the dependent variable to account for

deviations from the pre-tariff trends, as shown in Column (3)7 8. In this case, the dependent

7Appendix D.2 describes the dependent variable used in Column (4), which is the same as in Column (3).
8For this specification, we use data from January 2024 to March 2025 to estimate the trends at the product-

level, because the price indices are noisier at this level of aggregation. See Appendix D.3 for results with shorter
trends.
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variable is the log change in the price minus the predicted trend change. This pass-through

coefficient implies that an applied tariff increase of 23.8 percent would increase the price de-

viation of an affected import by roughly 0.24 × ln(1.238) ≈ 5.1 percent relative to unaffected

products in the same sector.

Finally, in Column (4) we report a specification that further splits the tariffs into those that

are above or below 15 percent.9 We find that pass-through is almost 9 percentage points higher

for goods facing applied tariff changes over 15 percent. This suggests that firms experiencing

larger cost increases are more likely to pass them on to consumers, as predicted by state-

dependent models of price setting (Cavallo et al., 2024).

How do these retail pass-through estimates compare to previous results in the literature?

Our estimates, though still incomplete, point to a faster and larger transmission into retail price

than in the 2018–2019 trade war. At the time, Cavallo et al. (2021) show that while import

prices responded strongly to tariffs, only about 5 percent of the tariff changes reached retail

prices after a year. This difference is consistent with the larger and broader tariff increases

implemented in 2025, as well as a more flexible post-COVID price setting environment.

More broadly, our pass-through estimates—measured in percentages rather than dol-

lars—fall within the range of existing evidence for individual goods at the retail level. For

example, Nakamura and Zerom (2010) analyze monthly retail data for coffee between 2000

and 2004 and find a delayed and incomplete cost pass-through, with approximately 16 percent

passed through after six months. Alvarez et al. (2025) examine prices and costs for non-durable

household goods from 2018 to 2023 and estimate a six-month pass-through of 39 percent. Flaaen

et al. (2025) study wine prices along the supply chain in the context of the 2019-2021 tariffs

and report a short-run retail-level pass-through of roughly 29 percent.

4.3 Tariff Incidence

A related question to pass-through is who bears the cost of the tariffs. However, to determine

the incidence of the tariffs, we would need to estimate both the pass-through at the border and

the share of import costs in retail prices.

Pass-through at the border matters because foreign exporters can lower their prices in

response to tariffs. However, Gopinath and Neiman (2026) and Hinz et al. (2026) find near-

complete pass-through of the 2025 tariffs to U.S. import prices, implying that prices at the

border rose nearly one-for-one with applied tariff rates.

The share of import costs in retail prices is important to know how much of the tariff change

can potentially reach consumers. For example, if import costs account for half of a product’s

retail price, a 10 percent rise in border costs would only increase retail prices by 5 percent

under full pass-through. Indeed, as Sangani (2025) notes, pass-through measured in percentage

9See details in Appendix D.2.
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terms can be low even when pass-through in dollars (levels) is substantial. Unfortunately,

measuring pass-through in levels requires detailed cost data along the supply chain, which are

only available for a few specific goods, such as in Nakamura and Zerom (2010), Alvarez et al.

(2025), and Flaaen et al. (2025). For this reason, we rely instead on broader results available

in the literature, such as Burstein et al. (2003) and Goldberg and Campa (2010), who estimate

that domestic costs and margins can account for up to 50 percent of retail prices in the U.S.

Combining our data on applied rates with these estimates from the literature, a 23.8 percent

increase in border costs would raise retail prices by 11.9 percent under full pass-through. Given

that our product-level regressions imply only a 5.1 percent rise in prices of affected goods for

the same tariff increase, we estimate that U.S. consumers were bearing roughly 43 percent of

the tariff-induced border cost after seven months, with the remainder absorbed mostly by U.S.

firms.

5 Estimated Impact on CPI

Beyond pass-through rates and incidence, a key policy concern is how tariff-driven price changes

affected inflation dynamics. To assess this, we combine the observed price deviations with official

CPI expenditure weights to estimate the contribution of the tariffs to the all-items Consumer

Price Index (CPI).

More specifically, we construct a weighted aggregate index and measure its deviation from

pre-tariff trends in three steps. First, within each 3-digit COICOP category, we compute a

chained price index using daily item-level prices. Second, we aggregate these sectoral indices

using normalized official CPI expenditure weights to obtain a daily weighted aggregate index,

wt.
10 Third, we estimate a log-linear trend for wt by regressing lnwt on time over the period

from October 1, 2024 to March 4, 202511, exponentiate the fitted values to obtain wtrend
t , and

compute deviations from this trend in percentage points. Finally, we scale these deviations by

0.285 to account for the weight that the goods in our sample have on the all-items CPI.

We provide both lower and upper bounds for the contribution of the 2025 tariffs to the

all-items CPI. The lower-bound estimate includes only imported goods directly affected by

the tariffs and is consistent with the pass-through regression results in the previous section,

implicitly assuming that domestic goods were unaffected. The upper-bound estimate also in-

corporates domestic goods, under the assumption that their price deviations since March were

entirely caused by the tariffs.

As shown in Figure 3, imported goods alone account for a cumulative 0.51 percentage point

increase in the all-items CPI since March, while including domestic goods raises the estimated

10The weights are normalized to sum to one across the sectors covered by our sample.
11We extend this analysis in the Appendix by estimating the price pre-trend using data from January 1, 2024

to March 4, 2025; see Figure A8.
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contribution to about 0.76 percentage points.

Figure 3: Cumulative Impact of Tariffs on All-Items CPI-U, NSA.

Notes: Figure shows the estimated contribution of tariff-affected goods to the all-items CPI.

Deviations are measured relative to pre-tariff trends estimated over October 2024–March 2025.

The aggregate indices are constructed by weighting daily sectoral price indices with official CPI

expenditure shares.

These estimates align with model-based projections from recent Federal Reserve studies,

including Barbiero and Stein (2025), Minton and Somale (2025), and Dvorkin et al. (2025).

Using input–output tables, these papers quantify both direct and indirect effects and estimate

that the 2025 tariffs would raise CPI or PCE inflation by 0.5–0.8 percentage points. Some also

find larger effects from the 2025 tariffs compared to those in 2018, consistent with our results.

Because our calculation covers only seven months, our results should be interpreted as a

partial-equilibrium estimate of the short-run inflationary impact—one that may influence, but

does not yet incorporate, the monetary policy response or the indirect impact on services.

Nevertheless, and consistent with this interpretation, our results suggest that the measured

annual CPI inflation rate of 3 percent (NSA, CPI-U) in September 2025 would have been

approximately 2.24 percent in the absence of the tariffs, a level close to the Federal Reserve’s

inflation target.

6 Conclusion

This paper provides a high-frequency analysis of the short-run impact of the 2025 U.S. tariffs on

consumer prices using a novel combination of daily retail price data, detailed country-of-origin
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information, and AI-based tariff classifications. By constructing customized price indices, we

track how prices evolve across affected and unaffected products, and between imported and

domestic goods.

We find that tariffs led to both rapid and gradual retail price increases. Prices began rising

within days of the March announcements and continued to increase steadily over subsequent

months. Imported goods rose roughly twice as much as domestic goods relative to pre-tariff

trends. Retail tariff pass-through on applied rates reached 24 percent after seven months,

contributing approximately 0.76 percentage points to CPI annual inflation.

These results highlight how trade policy can generate meaningful short-run inflationary ef-

fects that are largely obscured in aggregate price statistics. Tariff-induced price increases spill

over to domestic goods through strategic complementarities in pricing, amplifying their impact

on consumers. At the same time, the combination of quick price responses to tariff announce-

ments and a gradual accumulation of pass-through suggests an important role for uncertainty

in shaping pricing decisions. Several factors may have contributed to the gradual adjustment

documented in this paper, including concerns about consumer backlash, the frontloading of in-

ventories, trade diversion strategies, exemptions or delays in implementation, and uncertainty

regarding the scope, duration, and enforcement of the tariff measures. Together, these forces

are consistent with an environment in which firms adjust prices incrementally as information

evolves rather than implementing large, discrete price changes.

Monitoring and understanding this gradual adjustment process is important because its

inflationary consequences unfold over time rather than appearing all at once. When policy

uncertainty persists, price pressures can continue to build even after the initial announcement

effects have passed, complicating real-time assessments of inflation dynamics. High-frequency

data are therefore essential for tracking the evolving incidence of trade policy and for distin-

guishing temporary price movements from more persistent inflationary pressures.

Beyond documenting the effects of the 2025 tariffs, the paper develops a scalable measure-

ment framework that links online retail prices to trade policy at the product level. The use of

AI-based hierarchical classification and country-of-origin retrieval expands the scope of retail

data that can be used to study trade and price dynamics and points to new ways of mod-

ernizing economic measurement. More broadly, this framework enables real-time monitoring

and research on how firms adjust prices, sourcing decisions, and product variety in response to

uncertain policy shocks.
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Online Appendix

“Tracking the Short-Run Price Impact of U.S. Tariffs”

By Alberto Cavallo, Paola Llamas, and Franco M. Vazquez

This Appendix is organized into four sections. First, we provide a list of the main tariff an-

nouncements during 2025. Second, we describe the data construction in more detail. Third, we

present additional results for the descriptive price impact analysis, including robustness checks

using longer time trends starting in January 2024. Finally, we provide additional methodolog-

ical details and results for the pass-through analysis.
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A Timeline of Main U.S. Tariff Measures in 2025

Date Description

February 4 10% tariff imposed on all imports from China.

March 4* Increase from 10% to 20% on all imports from China. 25% on all im-

ports from Mexico. 10% on Canadian energy products (oil, natural gas,

electricity). 25% on all other Canadian imports.

March 4 Exemptions for Canadian and Mexican goods meeting USMCA rules of

origin.

March 12 25% tariffs on steel, aluminum, and derivative products take effect.

April 2* “Liberation Day” tariffs announced: 10% baseline on nearly all coun-

tries, with higher reciprocal rates for countries driving sustained U.S.

trade deficits.

April 3 25% tariff on automobiles takes effect; tariffs on auto parts delayed until

May 3.

April 10 10% baseline tariff takes effect on nearly all countries; tariffs on Chinese

imports raised to 145%.

April 11 Exemptions announced for a list of semiconductor-containing products,

including smartphones and other consumer electronics.

May 3 25% tariff on auto parts takes effect.

May 12* 90-day pause with China: reduction in the additional tariff on imports

from China from 145% to 30% (subject to carve-outs for certain prod-

ucts) for 90 days.

June 3 50% tariffs on steel, aluminum, and derivative products take effect.

June 11 President Trump announces deal with China on Truth Social; no legal

details provided.

June 23 Additional steel tariffs on appliances take effect.

July 7–9* A series of letters are sent to countries updating the tariff rates, including

25% for Japan and South Korea, and 50% for Brazil.

August 1 50% tariffs on copper and derivative products take effect.

August 18 Additional steel and aluminum tariffs on more derivative products take

effect.

September 29* 10% tariff on lumber and a 25% tariff on wood furniture and cabi-

nets/vanities (rising to 30% and 50%, respectively, on Jan 1, 2026).

Source: Trump’s Trade War Timeline 2.0: An Up-to-Date Guide (2025), Peterson Institute for In-

ternational Economics.

Note: * These events are marked with vertical lines in figures.

23

https://www.piie.com/blogs/realtime-economics/2025/trumps-trade-war-timeline-20-date-guide


B Dataset Construction

B.1 Country of Origin

To identify how tariff exposure varies across products, we supplement retail price data with product-

level information on countries of origin (COO). Because this information is rarely disclosed on retail

websites, we develop two complementary methods to recover it.

B.1.1 UPC Matching

The first method links products in the PriceStats dataset to external sources that report country-of-

origin information. We obtain Universal Product Codes (UPCs) for each item, match them to the

identifiers used by a large online-only retailer that discloses COO details, and extract the corresponding

information from that retailer’s website. This procedure yields COO data for approximately 308,000

products. Although this represents a substantial share of the sample, the method can only be applied

to three of the five U.S. retailers in our dataset. It provides broad coverage in household goods,

furniture, and electronics but offers limited coverage in food-related categories, as these items are

generally not sold by the online-only retailer used for the UPC bridge.

B.1.2 Gen AI Search

The second method uses generative AI models to retrieve COO information through automated online

searches. For each product, the model receives both the description and URL and first scans the

retailer’s website for COO metadata. If that information is not available, it performs a targeted

search for the same item across other online retail platforms. The model records the country of origin

when identified; if only general information can be confirmed, it classifies the item as “Domestic” or

“Imported,” and leaves the field blank when no reliable evidence is found. High accuracy is achieved

only when the model is allowed to search online—a capability that has recently become accessible

through API integration—and the reliability of the retrieved results has improved steadily as the

underlying systems and search tools have advanced.

In implementation, we keep the system message fixed and set it to the COO retrieval protocol

described above. For each product, we then send a message that supplies the item identifiers and the

starting URL for retrieval:

Tell me the country of origin of this item: {product_name}.

Begin your search with this URL: {product_url}.

We assess the accuracy of this approach using a validation sample of 10,000 products with known

COO drawn from the UPC-matched subset described in Section B.1.1. As shown in Table A2, the

model correctly distinguishes domestic from imported items 88 percent of the time and identifies the

specific country in 85 percent of cases. These accuracy rates are broadly consistent across major

product categories and countries.
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Table A2: AI-Based Predictions of Country of Origin

Products Accuracy (%)

Domestic/Imported 9840 88
Imported 7827 87
Domestic 2013 89

Country of Origin 6820 85
China 3074 84
United States 2013 89
Canada 127 82
Mexico 84 68
Taiwan 200 83
Turkey 294 96
India 333 93
Vietnam 134 81
Malaysia 54 87
Other countries 507 68

Food and non-alcoholic beverages 315 90
Alcoholic beverages, tobacco and narcotics 21 81
Housing, water, electricity, gas and other fuels 56 84
Household and Furnishings 4171 86
Health 130 93
Transportation 372 69
Communication 140 41
Electronics and Recreation 1228 87
Miscellaneous Goods 383 92

Note: This table reports the number of products and prediction accuracy for AI-based
country-of-origin classification. Accuracy rates are computed from a validation sample of
10,000 products with known countries of origin matched through UPC codes. Predictions
were generated in May 2025 using OpenAI’s gpt-4o-search-preview model.

This AI-based method is used to identify the COO for about 14 percent of all products in our

sample, including 57 percent of those in the “Food and Non-Alcoholic Beverages” category. Although

its main contribution in this paper is to enhance coverage in food-related products, the approach offers

a scalable and replicable framework that can be applied to recover country-of-origin information for

additional retailers, sectors, and countries in future work.

B.2 The Tariffs Dataset

B.2.1 AI-based HS-10 Classifications at the Individual Product Level

We develop an AI-based method to classify individual retail products directly into the HS hierarchy

at the 10-digit level. Our approach uses large language models (LLMs) in a hierarchical and iterative

manner: rather than assigning a product to an HS code in a single step, the algorithm moves sequen-
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tially through the HS tree, refining the classification one level at a time. This mirrors how a human

expert would classify goods—starting from broad distinctions and progressively narrowing the choice

set until reaching a unique HS-10 code.

At each stage, the model is provided with (i) the product description and (ii) the list of valid HS

subcategories at the current level of the hierarchy. The prompt—submitted via API—is simple and

structured to minimize ambiguity. It takes the following form:

Classify the following item into one of these subcategories: {list}

Item: "{product description}"

Return exactly one code from the list.

Once a category is selected, we retrieve its immediate subcategories and repeat the procedure.

This process continues recursively until the model reaches a terminal node of the HS tree, typically

at the national 10-digit level. Each decision is therefore local, constrained, and conditioned on all

previous choices.

Figure A1 illustrates this process using the example of fresh bananas. At the top level, the model

easily distinguishes between broad HS sections such as Live animals and animal products and Vegetable

products, correctly selecting the latter. Within Vegetable products, it identifies Chapter 08: Edible fruit

and nuts from a set of nine chapters. In the next iteration, it selects Heading 0803: Bananas, including

plantains from among ten headings. It then chooses Subheading 0803.90: Other from two available

options. Finally, it selects the appropriate national subheading—0803.90.00.35: Fresh—from a set of

three.
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HS System
|
+-- Section I: Live animals; animal products
|
+-- Section II: Vegetable products

| |
| +-- ...
| |
| +-- Chapter 07: Edible vegetables and certain roots and tubers
| |
| +-- Chapter 08: Edible fruit and nuts; peel of citrus fruit or melons

| | |
| | +-- Heading 0801: Coconuts, Brazil nuts and cashew nuts,
| | | fresh or dried, whether or not shelled or peeled
| | |
| | +-- Heading 0802: Other nuts, fresh or dried,
| | | whether or not shelled or peeled
| | |
| | +-- Heading 0803: Bananas, including plantains

| | | |
| | | +-- Subheading 0803.10: Plantains
| | | |
| | | +-- Subheading 0803.90: Other

| | | |
| | | +-- National subheadings:
| | | +-- 0803.90.00.25: Certified organic
| | | +-- 0803.90.00.35: Fresh
| | | +-- 0803.90.00.45: Dried
|...|...|...

Figure A1: Structure of the Harmonized System classification, illustrated for fresh bananas

A key advantage of this approach over traditional machine-learning classifiers is that it does not

require a labeled training dataset. Instead, it leverages the ability of large language models to perform

structured, coarse-to-fine reasoning over hierarchical taxonomies. These distinctions are made without

task-specific training and rely instead on the model’s general semantic reasoning. By limiting the choice

set at each step, the method reduces classification errors that often arise when models are asked to

choose among thousands of HS codes simultaneously.

In practice, many standard HS descriptions are ambiguous or too vague to support reliable clas-

sification, particularly for retail products. To address this, we augment the original HS hierarchy

with enriched labels and clarifying annotations that make category boundaries more explicit. These

refinements improve accuracy in cases where the official HS text lacks the specificity needed to classify

consumer goods in our sample.

We apply this classification procedure uniformly to both imported and domestic products. This

allows us not only to identify goods directly subject to tariffs, but also to map domestic products

into the same HS categories, facilitating comparisons between imported goods and their domestic

competitors. The resulting HS-10 assignments provide a consistent and scalable bridge between high-

frequency retail price data and detailed tariff schedules, enabling precise measurement of tariff exposure

at the product level.
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B.2.2 Statutory tariffs

We construct a panel of statutory tariff rates from the U.S. International Trade Commission’s Harmo-

nized Tariff Schedule (HTS) Revisions Data Archive (hts.usitc.gov). The archive records every revision

to the HTS since 1989, including tariff columns and statistical annotations at the ten–digit (HS-10)

level. Our sample window begins with the revisions issued in October 2024 and covers all subsequent

updates through calendar year 2025.

Each HTS revision reports the ad valorem and specific rates at the HS-10 level. Using these files,

we harmonize HS-10 lines across consecutive revisions and build a revision-by-country-by-HS-10 panel.

Let r index revisions, c countries of origin, and h HS-10 subheadings. For each (r, c, h), we compute

the statutory change

∆τrch ≡ ln
(
1 + τrch

)
− ln

(
1 + τr−ch

)
. (3)

where r− denotes the immediately preceding revision.

A distinctive feature of the 2025 policy environment is that many measures are promulgated

via Chapter 99 (“Temporary Modifications”). Chapter 99 provisions appear as separate lines whose

numbers begin with 99 and specify additional or temporary duties that apply to articles classified

under referenced base subheadings. Because these adjustments are not encoded as new rates on the

base HS-10 lines themselves, a mechanical comparison of successive revisions would miss them. We

therefore identify all relevant Chapter 99 entries in each revision, read the associated descriptions and

cross-references, and apply the specified adders (e.g., “an additional duty of 25 percent on products

of country c classified under subheading h”) to the corresponding (c, h) pairs in our panel.12 This

procedure yields a unified statutory rate for each country–HS-10 combination by revision date, and

∆τrch captures both base-line changes and Chapter 99 adders.

Our baseline is the first revision at or after October 2024 (“2024, Revision 10” in the archive). We

carry rates forward between revisions in the absence of changes, and we time-stamp each modification

using the effective date reflected in the revision. The resulting dataset provides a complete record of

statutory tariff changes for all country–HS-10 pairs from late 2024 through 2025.

B.2.3 Applied tariffs

We complement the statutory series with realized duties from the U.S. Census Bureau’s monthly

import statistics (census.gov). The data are reported at the ten–digit HS (HS-10) level by country of

origin and month. We use the import series aligned with imports for consumption, for which customs

duties are assessed.

From this source we extract three variables:

• Country of origin: The reported country of origin for each HS-10 import line.

12In practice, Chapter 99 lines can impose ad valorem or specific adders, temporary suspensions, or program-
contingent differentials. We map each entry to its referenced HS-10s and countries of origin, respecting any
exclusions, notes, or effective-date qualifiers stated in the revision.
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• General value of imports: The monthly value (USD) of all entries, excluding insurance and

international freight.

• Duties collected: The monthly customs duties paid by U.S. importers (USD).

Let m index months, c countries of origin, and h HS-10 subheadings. We compute the effective

applied tariff rate (an ad valorem equivalent that captures both ad valorem and specific charges) as

amch =
Dutiesmch

Import Valuemch

. (4)

Applied rates are only observed when there are imports: if an HS-10 from country c does not enter

in month m, no duties are recorded and amch is unobserved.

B.2.4 Weighted Average Tariff Rates

Figure A2: Statutory vs. Applied Tariff Rates Over Time

Notes: Statutory rates come from the Harmonized Tariff Schedule and Federal Register notices.

Applied rates are calculated as duties paid divided by customs value of imports, aggregated to

the country–HS-10 level and weighted by product counts. The vertical dashed lines correspond

to major tariff announcements, with more details listed in Appendix A.

B.3 Combined Dataset

29



Table A3: Product Counts by Country of Origin

Product Origin Frequency Percentage (%)

US 134,577 37.48

China 128,668 35.83

India 14,560 4.05

Turkey 9,477 2.64

Vietnam 6,671 1.86

Taiwan 6,264 1.74

Mexico 5,001 1.39

Canada 4,645 1.29

Others 49,241 13.71

Total 359,104 100.00

Table A4: Number of Products by Category

Category Name Products Percentage (%)

Furnishings & Household 192,415 53.58

Recreation and culture 77,134 21.48

Food and non-alcoholic beverages 33,195 9.24

Miscellaneous goods and services 24,671 6.87

Transport 13,854 3.86

Health 7,247 2.02

Communication 4,973 1.38

Housing, water, electricity, gas and other fuels 2,804 0.78

Alcoholic beverages, tobacco and narcotics 1,945 0.54

Clothing and footwear 866 0.24

Total 359,104 100.00
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C Additional Price Impact Results

Figure A3: U.S. retail price indices by country of origin with pre-tariff trends

Note: Data from five large U.S. retailers. Vertical line denotes March 4, 2025. Pre-tariff trends

estimated from October 1, 2024 to March 4, 2025 using a robust regression with preliminary

outlier deletion based on Cook’s distance.

Table A5: Retail Price Changes by Sector

Category
Price Change vs. Pre-Tariff Trend

All Imports Domestic All Imports Domestic

Furnishings, household equipment 5.25 5.94 3.28 8.03 9.24 4.90

Miscellaneous goods and services 2.75 3.81 1.27 5.22 6.75 3.16

Food and non-alcoholic beverages 2.25 2.34 2.29 2.22 2.99 2.10

Recreation and culture 1.61 1.88 1.28 0.62 -0.08 2.34

All sectors 3.53 4.28 2.48 5.10 6.19 3.64

Notes: “Price Change” columns measure differences between March 4, 2025 and October 1, 2025; “vs. Pre-Tariff

Trend” columns show deviations from trends estimated over October 2024–March 2025. Results are reported

separately for all, imported, and domestic goods.
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Table A6: Price Changes Relative to Pre-Tariff Trend (%)

Category All Imported Domestic

Carpets and other floor coverings 41.57 41.54 35.64
Other articles of clothing and clothing accessories 11.05 12.73 5.01
Coffee, tea and cocoa 10.31 9.67 11.30
Photographic and cinematographic equipment and optical instru-
ments

8.91 8.38 11.33

Household textiles 7.52 7.87 3.60
Other personal effects 7.42 7.21 9.62
Gardens, plants and flowers 7.19 7.76 2.46
Major tools and equipment 7.03 7.20 3.01
Furniture and furnishings 7.01 7.03 8.66
Major durables for indoor and outdoor recreation including mu-
sical instruments

6.14 3.51 10.42

Glassware, tableware and household utensils 6.13 7.94 -0.81
Materials for the maintenance and repair of the dwelling 5.67 6.77 4.74
Major household appliances whether electric or not and small elec-
tric household appliances

5.44 6.42 3.47

Fish and seafood 5.28 9.45 -1.60
Fruits 5.22 6.32 3.83
Miscellaneous printed matter; stationery and drawing materials 4.61 5.02 4.46
Meat 4.40 7.89 3.97
Small tools and miscellaneous accessories 4.39 4.49 3.06
Other medical products; therapeutic appliances and equipment 4.31 4.40 1.41
Food products n.e.c. 4.14 1.73 4.93
Non-durable household goods 3.49 4.27 3.38
Electrical appliances for personal care; other appliances, articles
and products for personal care

3.46 4.93 2.26

Pharmaceutical products 1.97 0.52 3.15
Bread and cereals 1.69 0.89 2.05
Wine 1.36 0.24 1.42
Games, toys and hobbies 1.34 -0.03 3.62
Spare parts and accessories for personal transport equipment 1.23 3.51 -1.02
Mineral waters, soft drinks, fruit and vegetable juices 1.19 -1.19 1.58
Pets and related products, veterinary and other services for pets 0.70 -0.03 0.44
Telephone and telefax equipment -0.27 0.19 -0.15
Milk, cheese and eggs -0.64 8.79 -2.37
Vegetables -0.86 4.81 -3.10
Fuels and lubricants for personal transport equipment -0.88 -0.33 -0.95
Sugar, jam, honey, chocolate and confectionery -1.16 -2.74 -0.43
Equipment for the reception, recording and reproduction of sound
and picture

-1.20 -3.38 6.68

Oils and fats -2.00 -0.71 -3.28
Beer -2.99 -11.86 -2.24
Equipment for sport, camping and open-air recreation -4.87 3.98 -11.43
Spirits -6.94 -8.59 -6.15
Information processing equipment -10.05 -11.66 10.91

All sectors 5.10 6.19 3.64
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C.1 Tariff Rates and Price Changes

Figure A4 shows that cross-country price deviations from pre-tariff trends are only weakly related

to tariff rates. There is no systematic relationship between price deviations and additional statutory

tariff rates, and only a weak correlation when using applied rates. This pattern indicates that cross-

country variation in retail price responses reflects factors beyond tariff levels alone, such as differences

in product composition, differentiation, and substitution possibilities across source countries.

(a) Statutory tariffs

(b) Applied tariffs

Figure A4: Correlation between added tariffs and price trend deviations.

Notes: Panel (a) plots country-level price deviations from pre-tariff trends against additional

statutory tariff rates for March–October 2025. Panel (b) shows the same relationship using

applied tariff rates, defined as duties paid divided by the customs value of imports and aggre-

gated to the country–HS-10 level. Countries shown in red have more than 1,000 products in

the sample.
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C.2 Extended data: starting in January 2024

The plots in this subsection extend the main results back to January 1, 2024. They show that pre-

tariff trends remained stable from January 2024 through early March 2025, indicating that observed

movements after March reflect tariff impacts rather than seasonality.

Figure A5: U.S. retail price indices with pre-tariff trends (extended horizon)

Note: Data from five large U.S. retailers. Vertical line denotes March 4, 2025. Pre-tariff trends

estimated from January 1, 2024 to March 4, 2025 using a robust regression (Huber and biweight

estimators) with preliminary outlier deletion based on Cook’s distance.
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Figure A6: U.S. retail price indices by country of origin with pre-tariff trends (extended horizon)

Note: Data from five large U.S. retailers. Vertical line denotes March 4, 2025. Pre-tariff trends

estimated from January 1, 2024 to March 4, 2025 using a robust regression (Huber and biweight

estimators) with preliminary outlier deletion based on Cook’s distance.

Figure A7: U.S. retail price indices distinguishing affected and unaffected categories (extended
horizon)

Note: Data from five large U.S. retailers and normalized to 1 on January 1, 2024.

Vertical lines denote major tariff events.
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Table A7: U.S. Retail Price Level Changes by Country of Origin with Extended Horizon

Country Price Change
Price Change vs.
Pre-Tariff Trend Applied Tariffs Statutory Tariffs

Turkey 30.77 38.67 14.4 15.0

Poland 13.14 12.70 9.6 15.6

India 9.67 13.86 29.9 49.0

United Kingdom 7.48 10.29 10.4 15.4

Thailand 5.83 7.71 14.0 20.9

Japan 5.80 9.91 13.7 19.3

Switzerland 4.58 3.72 19.0 35.4

Italy 4.42 4.44 8.6 17.4

France 4.30 4.86 9.6 15.1

Vietnam 3.76 7.34 16.6 21.4

China 3.59 5.26 28.3 30.5

Germany 3.21 5.20 9.7 19.2

Malaysia 3.16 8.52 13.6 19.3

United States 2.44 4.44 — —

Canada 2.33 3.06 0.6 35.2

Pakistan 1.68 −1.11 14.2 19.1

Taiwan 1.35 2.34 14.0 21.8

Korea 0.73 2.39 14.1 24.5

Mexico −0.26 2.97 1.4 25.0

All Countries 3.46 4.99 23.8 27.7

Note: Price changes reflect cumulative increases since tariff announcements. Pre-tariff trend estimates

are based on country-specific regressions between January 1 and March 4, 2025.
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Table A8: Retail Price Changes by Sector

Category
Price Change vs. Pre-Tariff Trend

All Imports Domestic All Imports Domestic

Furnishings, household equipment 5.09 5.75 3.17 8.01 8.51 6.68

Miscellaneous goods and services 2.73 3.75 1.28 3.37 5.08 1.19

Health 1.60 2.21 1.30 2.52 2.44 2.58

Food and non-alcoholic beverages 2.26 2.35 2.30 3.52 2.56 3.92

Recreation and culture 1.60 1.86 1.26 2.73 3.10 2.22

All sectors 3.46 4.19 2.44 4.99 6.05 4.44

Note: Price changes reflect cumulative increases since tariff announcements. Pre-tariff trend estimates

are based on category-specific regressions between January 1st and March 4th.
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Figure A8: Cumulative Impact of Tariffs on All-Items CPI-U, NSA.

Notes: Figure shows the estimated contribution of tariff-affected goods to the all-items CPI.
Deviations are measured relative to pre-tariff trends estimated over January 2024–March 2025.
The aggregate indices are constructed by weighting daily sectoral price indices with official CPI
expenditure shares.
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D Additional pass-through Methods and Results

D.1 Event study using all domestic as untreated group

As an additional specification for the event study, we collapse the exposure split to a two-group

design that places all domestic products in the control group and compares them to imported goods.

We build daily indices at the COICOP Level-1 × origin level and re-estimate the event study. The

results, reported in Figure A9, show a slower and smaller response: coefficients take longer to become

significant and accumulate more gradually. This attenuation is consistent with contamination of the

control by tariff-exposed domestic items, implying that the two-group estimates are conservative lower

bounds on short-run pass-through and motivating the three-category split used in the main analysis.

Figure A9: Event-study estimates around tariff implementation (daily)
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D.2 Pass-through by Size of Tariff Exposure

This section describes the methodology used for Column (4) of Table 2 in the main text. In this

specification, we allow for heterogeneous pass-through by splitting products according to whether their

applied ad valorem tariff rate prevailing in September 2025 is over or under 15 percent. Specifically,

each product i is assigned to an over-15% group if τSepi > 0.15, and to an under-15% group if τSepi ≤
0.15, where τSepi denotes the applied tariff rate in September 2025.

The dependent variable is the same as in Column (3) of Table 2. That is, we use the monthly log

price change net of the product-specific pre-tariff trend,

∆̃ ln pit ≡ ∆ ln pit − ∆̂ ln p
trend

it . (5)

where ∆̂ ln p
trend

it is the predicted monthly price change obtained from a product-level linear trend

estimated using data from January 2024 to March 2025.

We then estimate the following distributed–lag specification:

∆̃ ln pit =
7∑

ℓ=0

γOℓ ∆τi,t−ℓ · 1{τSepi > 0.15}+
7∑

ℓ=0

γUℓ ∆τi,t−ℓ · 1{τSepi ≤ 0.15}+ αk + εit, (6)

where ∆τit ≡ ∆ ln(1 + τit) is the change in log gross applied tariffs, and k indexes COICOP 1-digit

sectors. The fixed effects αk absorb time-invariant differences in average monthly price changes across

sectors, and we cluster standard errors at the COICOP 1-digit sector level.

We report the cumulative pass-through after seven months by presenting the point estimates and

standard errors of
∑7

ℓ=0 γ
O
ℓ and

∑7
ℓ=0 γ

U
ℓ for the over- and under-15% groups, respectively.
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D.3 Pass-through Regressions with shorter trends (October 2024–

March 2025)

This appendix reports results for the specification in Column (3) of Table 2 using product-level trends

estimated over October 2024 to March 2025 (instead of January 2024 to March 2025). The estimated

pass-through is very similar under this alternative trend window.

Table A9: Pass-through Regression with Deviations from Trend (Trends: Oct. 2024–Mar. 2025)

(1) (2) (3) (4)
Variable Statutory Applied Applied Detrended

Tariffs 7 mo.
(∑7

ℓ=0 γℓ

)
0.055 0.198 0.183

(0.016) (0.052) (0.064)

Over 15%
(∑7

ℓ=0 γ
O
ℓ

)
0.184

(0.063)

Under 15%
(∑7

ℓ=0 γ
U
ℓ

)
0.111

(0.073)

Adjusted R2 0.001 0.001 0.002 0.002
Observations 517,574 309,958 309,958 309,958
Products 129,635 100,122 100,122 100,122
Sector Fixed effects Yes Yes Yes Yes

Notes: Table reports estimated coefficients from distributed-lag regressions of
monthly log price changes on changes in statutory or applied tariff rates, as de-
scribed in Section 4.2. Pass-through is measured as the cumulative response over
seven months. Standard errors are clustered by 1-digit COICOP sector.

41


	Cavallo_Llamas_Vazquez_TrackingTariffs_Jan2026
	Introduction
	Data and Methodologies 
	Retail Prices
	Country-of-Origin
	Tariff Data
	Combined Dataset
	Price Index Methodology

	Price Impact
	Domestic vs Imported Goods
	Spillovers into Domestic Prices
	Heterogeneity across Countries, Categories, and Price Tiers

	Tariff Pass-through and Incidence
	Quick Reaction and Gradual Adjustment
	Pass-through Regressions
	Tariff Incidence

	Estimated Impact on CPI
	Conclusion
	Timeline of Main U.S. Tariff Measures in 2025
	Dataset Construction
	Country of Origin
	UPC Matching
	Gen AI Search

	The Tariffs Dataset
	AI-based HS-10 Classifications at the Individual Product Level
	Statutory tariffs
	Applied tariffs
	Weighted Average Tariff Rates

	Combined Dataset

	Additional Price Impact Results
	Tariff Rates and Price Changes
	Extended data: starting in January 2024

	Additional pass-through Methods and Results
	Event study using all domestic as untreated group
	Pass-through by Size of Tariff Exposure
	Pass-through Regressions with shorter trends (October 2024–March 2025)


	Cavallo_Llamas_Vazquez_TrackingTariffs_Jan2026 -ONLINE APPENDIX



